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Figure 2 | The Kaplan-Maier survival analysis of the differentially expressed miRNAs was performed and the representa-

tive KM survival plots are presented here. Out of 50 differentially expressed miRNAs, higher expression of 7 and lower
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expression of 6 miRNAs was found to be significantly associated with poor survival (P < 0.05).
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genes (53). A heatmap showing enriched KEGG pathways is shown (right).



